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: Al customer service integrates big data and cloud computing

services through deep learning technology to provide
consumers with a new way of communication. This technology
enhances the efficiency of online bookstore operations, and
at the same time, the ecology of cooperation with
artificial intelligence comes early. This study uses
college students as an analysis object to explore the
choice behavior and diffusion patterns of such artificial
intelligence-based innovative services by integrating
individual selection models and dramatic models. The
results obtained in this study will help us to improve the
Al service quality f and provide the reference basis for
relevant operational planning through the management
implications derived from the theoretical model of this
research.

: artificial intelligence, chatbot, symbiosis, discrete

choice model, catastrophe model
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Analysis of the behavior and diffusion patterns of online bookstore
intelligent customer service from a nonlinear perspective
=59l Yu-Kai Huang
FAENRE: ULRIEEEEHE A
Department of Culture and Creative Enterprise Management, Nanhua University
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T TR T2 BT — T e A SRR FRCE - [FREE A B AT
BERLFESFERIEF IR « AHFTLUREAE Bt - FEh B S (ERe 5
A B BB AR ERE T B B B L DA T B R A R AR S AV T By
BPEHAIRE o SR AR R BE T B B M 28 A TR s BEOH B & BE iR Al IS I A 32
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T . FERR - @EE - EHTRRUER - RRIEIEER
Abstract

Al customer service integrates big data and cloud computing services through
deep learning technology to provide consumers with a new way of communication.
This technology enhances the efficiency of online bookstore operations, and at the
same time, the ecology of cooperation with artificial intelligence comes early. This
study uses college students as an analysis object to explore the choice behavior and
diffusion patterns of such artificial intelligence-based innovative services by
integrating individual selection models and dramatic models. The results obtained in
this study will help us to improve the Al service quality f and provide the reference
basis for relevant operational planning through the management implications derived
from the theoretical model of this research.

Key Words: Intelligent customer service, Online bookstore, Bass diffusion model,
Cusp catastrophe model
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BEITER B M LR E R A — EAETE R B P S A
> R AR R o ds & R g E Eh i E AL RV S T B EAYE B RAY 20 4
BB T EEIENRE G B R R AL TIERCYIR » BRI - (T8
FRWNZEHRA - MTFERFERA BRI TE SR - himEELL Al
BT AR R AR AT E TR S R S BV B RS S G B Eh
BRSBTS EHE RS - [FRH e (SR —(E 2R e B E AR TP
U RARERE P 155 1T R85 46 (Smart Speaken) 1Y 5 I FS i e — (B AT 245
AYEEE -

f 18 &L 2S5 = HerFN  IWFIEB =K TR EaqE E b BRI
BERVEAYHUGE > TTERAY Al e s — R AP AE S T E =Ry
o RGBS SEI R 7RO S AR A SR AT AV R - 1 AL
BEARAG B N R B S Bl i R B SROIT 2 — » W — (B 2 B e RE S
RICERARHT Al BE V2 > ARG EUSEL Al BRORIEITATE - S
RIEEENHIETY - MRS " Ol + ) R AU T — R R T A
+ 4 WA - ATEERIrRERE bR AEAEZKR - H Al By REC&RSB
A AE B TR A - i Al VESTRE st sl A S S 0
HHFEEGE > (NIt T4 (Symbiosis) ; —5RFERAACHEEBL Al - RIES
T8 A HEFE SRR -

R L ALHT TR Al R R R K T RS i = A m] AR ARt - i A
HNGE S B AR S B E A R A P2 - M REHY s I RS 5 5
e ha s e A R R s i B AR MRS - SEREA SR Al BT EA s T
PR ARR (R FE > PRA R BIIREEE 5 Al SRR DB - S A anfff
IMEEREERBER - fEEIKE Al EBEHOVES - A= EHE R A
Rttt > BRaS R A BN ARE & IS e B S IRAER FHTT Ry L AIURE - B
FLE ST LALUIS & o3 Arise o e g 8 A S o A s B U B TR s s P B L B
&~ HRIRERE & o Z W e SR AT Em A R S TGt TR > 22
logit FEAYPRE B S B T AU e B S A REER R M F 3
B2 AIlE DAORE B S R A B 181 T Ty S AR MR AR » PRET P B B S R
RRHVE R EINEL -

2.8 AR = IR A S
i RS AR U RE A AR DR B - TS S A DRI A T

EHURRIIEHE > FREA KERIYAEIHREIET Al IEMBEZE - MEHER Al
MFEEEERFSE R > HARSE=SFEE (Natural Language Processing; NLP) O] E/EE
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HAEAES > B HEAESHIRA - B A R EE Dy o B EIR
tas \HILE B RTARE B 2858 S Rt A e A -

H AT E AT Al A EIEVE 2 FfErYE Lk 7% - 41 Google #J Home -
Amazon Y Echo EL¥t91N5H Alexa 2~ Apple #Y Home Pod ~ /[N KRAN/INEE [E] 22 -
HIER NS S - Z2EAPEEEREN/ MG RSB EEEA T EEER
=M Al BEE Mo o HiEL Al AT AR AR AR nTHIE - AL A
IR EEREFEAK Al HRIRBIVE SN2 - #EEEEEHE— T 2L
WEREETEREDEEANT K » 55— I7H - HESTHE TR AR ARG A
PermEDE R - BT EEERN AT AAGE SRR TR NS
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L Q&7 v (Henn—na Hotel , #FRRAVNKER) 25— &% T e N ARHRFR BIIRAR,
NS HARTUMN EIRBIIE 7R T VA 144 B, 10 8T, 200 fEEES A, B RifE THEERE T8
558 (http://www. h-n—h. jp/). @ IBM Connie #¥as N2 RN VERBIMESE A/AT] Aldebaran
B ATERS SR N Nao PTaR EHT&E R, Y (EEh Watson FIIR K SRFERE Connie A LLHIBA B A 3#EAY 35,
A HAERBEF]H IBM B9E1VER WayBlazer RARIEE i & % AR HLRIRFAYE TR, OFKIRE E5E
FZERE Eric Horvitz B #EBEE Monica), @ Bina 48 #E3% A& —#KAEEEES, Wiy
ARUL AR NFE I R A e N, BRI RIS 2R AR IFIAY/Z Bina 48 B2 ARESD T H EMIME
¥, (EHLECAS TG FEA S EE N LB Tl By, sV AL ELAC L BB E 2%
AT, Bina 48 BEAR AR KBS BN T AN BUEHERRES, wTLIFE R N AYRe IR A 1 T4
JEE BN AZ7, Bina 48 BEER ABR THEZE (9 B HH) rOfahsh, s Eoi— e ATE
KEMEFRAHEZR A, Bina 48 JEFIH 3 BN AR 567 B2 RE 2308 — P B T2 0032 1)
/5, H BINA 48 B T7ERRE: L22idainsl, the BF ARG, ©® Sophia 2k Alphabet 22
7] (Google MIRFAT]) BBk BIELAT, J&—3KEA N TRERE, 18 SR H R i sk s Hh ey
MIRFEES N, 2017 4 10 A 11 H Sophia #4% ARk A0 BLE 4 B gl Bk 35 5 ol KAl BB 22 BRAE Y
A EES [FI4E 10 A 25 A #H% Tib SRR A RS0 s R 5 — B A B EE MR A
OIS — K RS A E TS AR N, RLFS e NRIE A /E B AR IR, 2R F A EL 42 AR
AR A By o B B80S 2 sy, e vE A% o N B2 B IRCS I RRSRACE, SRR
—EEANFF A EE TR, M AR AT TR P AR En s -



AT AR B A ARG A (5 P AR B 1 (RS B R R F R il sy - 3]
ECAFFZAEE G S Z R (Chatbot) AUFRTS » HATE S ZIREREIER L2
B A C L P TR - I B1EE A A e A E R e B AU AR RE 2
[ 7 Chatbot A Z2 ik SFUskAe RIEFETH A T ETREHAVRCR - RIRFEEAER
ARSI R YRR E AT EIRHIERAS > B TARRE 24 /NRFEMESR BRI =
fig R > FaE Chatbot SEZEFIEIERY 24 /NRFARREETRTS - Al Chatbot EL{#
HAAGE S EARAE T - HEIE LR SRkt - (ERER(E F VS st T8
##% Chatbot BB 1&HY " ElE (intention) , > FURRIE T AMFTEEs
&5 Y IEMERY B -

HAILAVE S5 Mtz Ol prie (e Em s B 2] 5 » A m & - &
S EPIRRES: > (EFIRYY M IHIbR 1 DAE 268 5 ARSI AL B RAVEER
Gt e A S APP o - A RE IR B A i A Bt v DA S TP
REERE_EAY e A s Ae BTy 227 AHRRAYIE F A E 88 R AR RGHIRE T EE 2
FNFIHIE AR -

2016 4F > oo HATE SR BRI e NI ER YT Re: Invent ZEBHBHSEERE | -
S =S E TR » o7 e RIE GeaihlHy Amazon Recognition ~ 555 Bk
#Y Amazon Polly FIHjI-K & &)Y Amazon Lex - EH1FY Amazon Lex Ftied e
YU HAEF F T S E AP BRA S SEIER B E DU Lex fTEHEBHIEE
ik - FIE O a4 E P A EE RSB App ot AT DU E R it
&l ~ WsaiE(ThRE - &2 T DUH ARG AR - e ABItHE - B I
Lex E24%j/> Facebook Messenger ~ Slack f1 Twilit 445 &F—#E > H » EA
{E RS R nn A RAVEL M RESwEL L BRI S -

2016 FEEHOLASZSZETEIRRRERE A BT R ARN > HEEERE
GIEREFTEE SRR - R TEEERMSEA TN BPTREFARR
Fr—GRAVE RS - IR o~ IRESES ~ IRFIRIE S - BIIREEHT 90% -
PRIEEZ4h > Bl Open Data FISREESS & - RAASIER - &8 ARFENA T/)
B EeE - EA BRSO BRHER RS EE RN - BILH S AR
SRR N RIS - 3/ B B ORI SR A RS - B NSAE SR =LY
i Bt HA RIS R EHE T E S ERE - MRS Paek - AR AR
FEEHIFRCR > SR A S SRR K Prbe s B EE ke

LL 2017 4 8 H 8 HHP{EEEFGIHERIRIFE /] > L5
AliGenie “PEZFTIe ity Al BB R SRR - BABEE - 405 « YIS 2 (E-E
ALRE > IRRFTHEEERE TR - R E i T e HRZhRE &1 oh
= JHEEY) - eah it - SR - BESSED - BEEYE RN - EIEHRER - =

? Chatbot HEFF5AYZE @RS - Eil Al SRETTERIVEBLAVERT - 00 o DU EIIR
AT A > BIPRESR M GE HET L) -



T - BRI ALE R TRENE ) BRI ALEEE - B P 280k
(EVEALHERE ~ IS EENERS - BUGETER  BRIRERFREBHIRET] - B4 L
i ERTERIIZ EEAS R - 1IN 5/ NEE SR E AR » & EpkE
A B SHZEE S AR RasEt o BI5/ NV ER R A AN
[T RERF 1< B B\ T - O th ] DUE S sk sty B BsEf8idl A T - S0
Xia - WLl B EEREAIRR » LB Setasid A Tee N\ TS 2
LB BCERs -

FRIZEIEDT TR IS Gartner FEAS - 27 2021 3748 50%HY (b FEAFE
TEAEE T Z IR (Chatbot) HIFL & 4RI & FE 8 (4T App » #8571k Chatbot 2 S5 %2 /B
HFF R AR ME R LU Tl T2 A AR - T R AR AIBRAER: - AE
HfEE RS - BFRARRH SRR TT - S IREEAEIRE R (e ffsE
B BERSE  BAEARAETRETT - BEER AR AREPRAE (R IGIE ~ AhOHY
s - BRI REGERE A SR - &2FERE - NIE - Al ZAR AT LA
FAEE R VAR = Y H 5 L AF B S AR B B AR A TR IR RS
- BEE Al HyEEIE > SRR R E A RE T T DU R A (8 A2l - 2017 4
R Foe: R AR —5F

Grand View Research 151 » @Bk EX R THEEAT 2025 42 F)] 12.3 [E3ETT
EE A Al EEEERRFEAZIHE D84 SR EEREAAEr AR
oo fEE Al HasEE - HNES RIS - FERIRNWELS TSGR
BNE > A AR e 2= App —HE2 ATRIEY HF A& - TR 45%HYER
BEAKRGESLMEAEHEERIRER AR EEERERN RS
A2 IT » AR R - [F— TS 82 IREIAE 15 Facebook « Google Home -
Alexa 7 P52 MEM - Br T REFEPPHRER — TR VE R » SRR EE Al
GERENAVARER » TS RFE SRR AR S YRR

BETHCARAKESE Al #EEZRLEHEA > BHEEEEAERLL
BALIR A BRI AR - [FRH ] ISR B 2858 S e BRI 8L Al BIEERT
A — 25 P I B P 5 s 1 R P e S P (AU B R Y S B R R T 5 0 - Bl
PSBTER R HYTRER SR - PSR IR R KA S M KiESE T - 5235 H R4S
BB E ME A BN B IR B R R T (e s B S P A s S Eh > ]
HEngR EEEREHVAHEHESS - [NELREH DUE S Aa R ey Al BRI A T
G st R R R IRV EE A ER  (Hsiao et. al., 2016) -

BEERARG—RuEsEE e B RS E YEte - BAAEES RO
o o A FL(E L HRAYIOAE - BASIGR » B SR AH A AC BRI = A sE = i
A WHSHRR SR B E AE S E R A T B T R P AR
REFRI% > AR EHRE R A B E R E B P - R EE S A R S (A
A ] R 4 & ATt IR RS - BEF3R iE [RITE T A3 ey B 2R5E 5 AR R A HE T



B A= pR[EE SR A% > FIACAEEE B RS o R GRS T R4S A
o HMEKIRAGHHREERE  HETEERR > EHIEN TGS T a5 g
5y o B EER R EIE A LB T E LA LRl > TR ER SN gl
AR B N RE R Y > DU S TE RIS EE AR » SRR B - —f% R
i BEE RS AR O FEARE =TS - )EBEBATERHERR
MRS > B —Ee s > SIEEMEITEERE - WEIL AR LmE R e
R RE AT © (2) P AT MEn i =Ua e IR by - [F—RIE
FriEfim AR M » RIS TR S —1b  DUEREE A% E
AETTUCHC - W R EE T 0 (QE R EERHE AR iR R T 1E
MM EZE - fiflt LR IFE EEN - B = (E8 RS ARTN R i (0%
BREVH A RE SR - BREEET TFEE RAVEEM B3R (B &5k EE
B GBFEAERENERY) - AR EATHSEA S B ARAE TR RS AR
KR

Al Zk 230 v DUBHEE A & R TIR R  » E8ef ~ BEiERE - s
FAA i F R R B SR A AL YRR S e e R (T A0 (AT ias i EidE &
AT - SRS (E R - e B A P R BRI HIRE ST - e
sl o RIS — D BHE R PR M > 520 Al (E e hiEs K
i AR R AR o By TAERG B R L ERET) > B R i R & %
VFEANER S PEREREES > KR bR FEERIEE T -

TR RHTRERHES - FREE AR E1T REERI T ~ TEADHE &Y
K > £ EE - RILEFERESA " &k, HHERZBIGREME
SR IRLRE AR ] P IR T Ryl ~ RS RE oK - B HEEER > IEATREE
EREZAEMAT - BSOS T PAERE B RIRERs - B A RERRY) - B2
R Z& G e P EEE - MR A B e T SRR A 5
ZEEBEIAEH P EAT -

3. BRHRSREE T

FEREAH BT RS IS R 12T T R M B SRR, > S50 2 BRI T st e 288
T R R O BT RVBE DN R BN 2 HAE R b g E e E R T
TR AN (B (BB B B BT RV A - s B IR M B R T A RR
(AR ~ FIRH(E) - B A BBEE T RAVRE L (AR T Ryl LR BR R ) -
HVER BT A A RESHIIN R 5950 - B T R B A N Ay
52 NG IE B B A PR R 21T Ry R B A T M — D BRI T B N ERY IR
SRR -

RIS E B R EE IR AT BEESRE e E A E RN DS
SR TIRE IR - FEW DR L S DU & 43 dT A (Conjoint Analysis) FRETE &%



e R MR T M > LR TS P R R [ S A5 Discrete
Choice Model, DCM) » &5 = 4K Fii i 7 I L RER B S B A 2 R I
S RRE R AR LTS S R e TR A R 22 -

3.1 A L BN & 3 AT

AT FE LA S I EE SRR BE SR 2 A R B A Bk A Ry or i £ &
TR SR S s G DLE AR 7 U TR AEE - EE2UIRE Ry 2019 48
4 H~T7 R RAE B HREEET S AT A S AL 314 {7y - H KB4 5
ZCMERIEL B3 Bl By 41.6%8 58.4% ~ b 14 552 MERIEL B 53 751 By 47.3%5 52.7% -
LW TR AT S - MR FERSERIT-F /(B 118 R B S EHY
LLBIRIBAE LR - EEE TE 51 > Google [EEMHEAHLER 2R > B
HAE—RIAES - ERETRVEFREERANE A EE 5%y - tHEEE P
SedREsEt B2 ER L -

® 1 WA NGt

ANOREEEM: | R84 | b4 | ADREEBEN | R84 | Et4E

| Bt 41.6% | 47.3% [LESSN 79.2% | 79.6%
A 2 58.4% | 52.7% BAE 37.9% | 38.3%
—IFE | 239% | 46.5% | g AL 84.2% | 83.9%

| | 297% | 535% B | Google | 15.9% | 11.8%
i S | 26.1% i . 25% | 2.1%
PUSE&R | 20.3% - G 4.2% 3.8%

AOCE Fest HE B A IR M Ut & o T A PR B Aa IE A T
R g2 EUHEEEC - Bra ot (DA s Bk e
1964 EHLHEIEESE Luce FIFEETERS Tukey Psdfe tizkey % 8 & A H &
(Hauser & Rao, 2002) - HIEFEA F B IS HE SIS EEM: > R FEE MK
RSB T ARAVSU ST A 77k - T ge th—(E4E & B RS « 18
BFERYE Sn kiR T - AV R Y E i RE (S B S B VB - B & A4
sE st A FE RIS M BT Fel & MR Z 52 A (R 1 e HoK 4B 4H R
ARG R E RS B A o B Y AR T 4 -

FER & AR e ssat T > ASCERE T g st AR
B, F=HATENRBEN > A8 E T REREZTRE Al Zk
HEFTIE ) Bl TR IEE R BT Uy U Al SR TR SRR K
WEEsEt A Ry T B A DU TN F =R oA T E
Al Z R AR AR TR G R A B ARV - ) DR T E Al
AR A B AU RR R R B N K e S L CE R ) R -

R 2 BASRESINTEN IAEESR - ARIER 2 i T PGt ) B R
R EY FoRZEE R i B R A R A S IR E R AR A P
Geaat ) HR/KEER L T Al ZREVES Ry 204 ) WY > B8 =(HE




"I R BTy Al B TR R B B TE Al F R
BRI R G A B S IRV B AR ) AR s AR = -

% 2 BHEFERSBIEEH KA T

B | R | R iz
HE 30.26 SRR =0 Al KR T - -0.021
FEt | T | AR T S 2 Al F R T - 0.021
, Al FRRITEE /A - 0.023
i§14msxu%%m%%%mao 0275
i Al ZERHEES B - 0.252
o Al BRGNS R A LA F R |
W | | SRR - |
at | T [ Al B R AR R R R R AL T
i -0.037
B2 -
3.2 B s B R

BABINIMEB RSB B T RV T (ERS R R T EE
EREVTTEZ — s B AR AR oK B 482 2 S FH R B R HH 35 B REOHE
AT R R ] gE U7 I BR A R B R JE Al (the principle of - utility
maximization) » i LR M EGEI M R4 < BRE - SR SRB W E B EE S
(choice set) 1 » FEHZ B AIER] (the principle of utility maximization) #EEFELG
R RHVE— 5% WEETOH BB R RT fy & 7 ZE B -

(BB SRABURME(RLT (Revealed preference) ELEaME{R4r (Stated
preference) - BNV fRiF- 2 BB AR RS SR B IR T - HEELL
R R SRR R B SARS MR E T EZ K R R i A B by
dA%K: (Wardman,1988) : ffisfalc 4 fm & Il w5 i _E IOy GRS - FLAESZ 8GR

{4 (Hensher et al. 1988) « J&6 T3R5 AR [RARRL 25 B 246 2 SEFSBISAR, - 6
375 T T 1 S A » W T B A ch B R R A A B4
S N BEETR | RTRERR (1)

Un = Vin + €m = Lk BiXink + €m 1)

Hepo BEREEM | 22958 n s > AJHESAH Ve THEEC SEEL
KRR S BRI NIRek E > HEBASEEEH | ZEE - MO
AR BOH B S LA S (Generic variable) L7 2Ry E
(Alternative specific variable) - H i F— S8 AR U7 WA AH[R B AR R
FIIRZ SR A 8 88 5 ZE AU e B AR R EISCR, - RS i 5 RS e By




aHZEH > HAREIHE > Z280E RIS stFE—EASRES
ARG EMARFENVEE - EFHRAERARE A RTZS AT =R ESE
B o B RS S BARIAR - & REDAM ERREH - FOEBEEIAT
TEARERIERES > RSS2 [F BRI -

% IAZE S RHEZU (Multinomial Logit Model, MNL) f{i&e )7 #5072 T AR (€ J8
17 H 52 & fH 6 (Identically independently distribution, 11ID) #Y [ 2 47 HC
(Gumbel) » RITERH AR BRVEGE T AT 20T 4R S5 R AU - R
2EhE n HEETE | EERR L Q) - ZIEE SR RLAR R
7% (maximum likelihood method) #fti2 8 > ERIEN G ARMUERE S S B 2
BRI EMR T 280775  BArflst 2 28 EA 20 HiEA R OHER
REZ RV R st S BB R AN I BG T RV« (8 7 R Pin /0l 0 B2 1 2
[ > HRTEMRGEM R 1 2> Cn B~Z857 n BVEEES -

o exp(Vin)
Pin = Yjec,exp(Vin)

()

S o Pin By n B S | 0P |

exp(Vin) Ry LE U7 B ZEE R

Liec, eXP(Vin) 1A e s S 47 S B3 U 04 -

A SRR E A PR A E S R & (R e s s T R I B M & #5 73 Al
& Google 1 "home mini ; LKz Amazon 14 " echo dot | » 37 Fl| F —TEZE F5 R =
Z2FE T Amazon echo dot | K2 " Google home mini | AV#EEET BiE= - HKEHHET
TG 2B Lo MBS MR T R AR o o TR > FfFT/2 A" Amazon echo dot |
TEFEFEH (1) ¥ " Google home mini , J7ZHF# (0) ForfrEAEnsi= - B
THEEMETTENBEEE (BEER - 8720 Jb RS R a OB & /E
Rt R gy > IR S R U (AR BAAE SR 03 3 B « fRIER 3 A1
AR AR EE 4SS Fy 0.2626 - =B A H EIVERERE ] o S48
BIEARENGTHIHEAEE RS  EMEE RN E R 7 208200t A
[t - & T BN - 7 BRI AT Er g 1 - 727 R e ST
JEEAE I LEBAYRR A & {tH 1 245" Google home mini j; (i 2 PEER At & i [F" Google

home mini | -

A A SR AL R AVEEES T R0y s P& SR8 » Google Y " home
mini ; D&% Amazon (Y "echo dot | i (53R HIE 72.8% LK, 27.2% - 3= 4 5 BH(E
FETEPERY T MTEE SR - 3R 4 RIDIAIE B B ERE TR S A E  FoE [ERY
h01%0; > B BEERR NEN E b ACGEMERI R IEE - sRHEETTER



Ry 7 ZEHIE RS LT 2 B S 2 LR - MBS RTY 1 R RMER AT
VBRI EIR » SO ITEE RIS - [E8E7Y T Amazon echo dot | #Y
SOEIR o DA XM S A5 5K T Google home mini #f" Amazon echo dot |
B - S 5EME Ry 0.748 » 75 T Google home mini ; {E#% [k 1%00F » &
B KHIEEBIEER 2 T Amazon echo dot | -

® 1 ZIHE SRR ER

B T A 2R | m | @

HEER

Google home mini 0.682 2.19

Amazon echo dot FLAE -
A28

i (B -1.143 | -10.53

HE1 5 1.861 12.15
TR EEH

F%& [ Google home mini ] -0.111 2.74

MR [ Google home mini ] 0.138 3.91
R RO A

LLO (2852 7 HEMHI erEUE) -1821.27

LLB (Y < Bl E) -1342.94

FEDLEEFSFE (LLO-LLB)/LLO 0.2626 (26.26%)

4 EEEE A [EREE
e B 28 Google home mini Amazon echo dot
Google home mini -0.381 0.748
Amazon echo dot 0.452 -1.019
3.3 &R T EEE T

AR BA 53 Bl DAR & o3 A7 552 il B 48 55 R R 2 oy A R A R A ) e 3
TR B i SRR IR L AR S I 1 2 s S B S Y > T4 S R AR DA
S5 P U 2k oy A s B e P AR R R B i IR 2% ~ (AR B R B T
B - MAA SO REAS R FEI S TR S B S A S T il — (E 2
JEREN 53T ERIEEFE T 2 N BRI AR HE Fe 2 A AR BT 21 T B i S L PR A A
FyBEuE - NG S AH R BRI T Ry SRk % o D B IR B IR T Ry B R Y IE AT A
= HaHEE (Attitude) BRI {E(E (Perceived Value) » DUKEHIAZE >
&SR (Perceived Risk ) Eif#iEEERE ( Switching Barriers) 25 UU{@EREHE
SRR B [ A A B AR T R B R 2 S5 T PR - B TAIY B3R
S MHBSORME SR 2K - Hry TR | fE2% Manis ZE A (2019)E2
Verma 55 A (2018)RYHH5E ~ " R (H(E | #EHIE2% Wang 5 A (2019)EH Alonso



(2019)151’%)? TR R RS2 Wang 58 A (2017)E2 Zhang 55 A (2019)Y 4/
DR | A2 % Ledesma ¢ A (2018)Ei Almarashdeh 2 A (2017)HH+F
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Connie Chang
Musashino University; 3-3-3 Ariake, Koto-ku, Tokyo
E-mail: connie 206@gmail.com

Musashino University

2018/11/30

Dear Prof. Huang

It is my pleasure to invite you as a visit scholar to visit, from January 9 to 28, 2019. |
understand you will be supported my direction, and members of my group, on the
fields of Artificial intelligence and human-machine interface. You shall be provided
an office and access to our lab and other research facilities as appropriate. | am
certain you will gain new knowledge and skills in our laboratory, and | am equally
optimistic that your participation will bring about new opportunities for collaboration
between us.

We look forward to your visit.

Sincerely,

Chang

MU

Musashino University
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