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Abstract

Taiwan's topography and climate are prone to induce landslide.
Deep-seated landslide is directly related to groundwater level. In this
study, the neural network was used to predict groundwater in deep-seated
landslide areas. First, the historical rainfall and groundwater level data of
the Lishan Landslide were collected. Based on neural network models
developed by Hong (2017), a heavy rainfall was selected to perform
parameter calibration and verification of the model, which was applied to
predict the groundwater level that occurred later. Analysis found that the
groundwater level can be accurately predicted one hour and two hours
later, and used as a reference for the establishment of a deep-seated
landslide warning system.

Keywords: Deep-seated landslide, Groundwater level, Artificial Neuron

Network
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“r Create Network o... — X
Network Data

Name
SWCB

Network Properties

Netw Feed-forward backprop v
Input data: Train_Input v
Target data: Train_Target v
Training function: TRAINLM v
Adaption learning function: LEARNGDM v
Performance function: MSE v
Number of layers: 1

Properties for: Layer 1

Number of neurons: 73
Transfer Function: TANSIG ~

OView | % Restore Defaults

@ Help 2 Create  @Close

(a) NNTOOL %-#cik 2

Hidden Layer Output Layer

(b) ® T2 )
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Neural Network

Hidden Layer Output Layer

Input Output
73 1

73 1

Algorithms
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