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on PTT Beauty Salon

Student: Yen-Ting Yang Advisor: Ming-Chien Hung, Ph.D.

Department of Information Management
Nanhua University
Master Thesis

ABSTRACT

With the intelligence of the technology network, the communication between people is no
longer limited by time and space. Immediately share information through the Internet, and
under the influence of the Covid-19, the people rely more on the convenience in life brought
by the Internet. Cooperating with epidemic prevention measures, people began to use the
Internet to buy supplies in large quantities under activities that were unable to go out. Due to
being unable to see the products physically, consumers will read online product reviews before
buying in order to reduce their sense of uncertainty. There are countless comments in the major
editions of PTT, and a large number of them come from consumer experience. Potential
consumers’ initial purchase intentions will be affected due to the influence of the reviews on
the product. because of product reviews. In order to extract the most frequently mentioned
keywords from a large amount of text, this research aims at PTT beauty articles, using text
mining and Web crawler to explore users’ post-purchase experience of beauty products and
conduct online word-of-mouth analysis. The results of the study found that the most frequently
mentioned brands in the PTT beauty edition were "Avene", "Lancome", " Clarins" and

"Biotherm". By analyzing the products from each brand using the LDA model, the results found



out that consumers pay more attention to the effects of "moisturizing” and "absorption™, and
consumers will use the paper-based "DM" as a reference index before purchase in marketing.
Therefore, this study suggests the brands product catalog designs can made based on the needs

of the consumers.

Keyword: Web Crawler, Text Mining, LDA
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THEATER PROGRAMS PERCENT PRESIDENT
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LOVE CONGRESS LIFE HAITI
The William Randolph Hearst Foundation will give $1.25 million to Lincoln Center, Metropoli-
tan Opera Co., New York Philharmonic and Juilliard School. “Our board felt that we had a
real opportunity to make a mark on the future of the performing arts with these grants an act
every bit as important as our traditional areas of support in health, medical rescarch. education
and the social services.” Hearst Foundation President Randolph A. Hearst said Monday in
mnouncing the grants.  Lincoln Center’s share will be 200,000 for its new building. which
will house young artists and provide new public facilitics. The Metropolitan Opera Co. and
New York Philharmonic will receive $400.000 each. The Juilliard School, where music and
the performing arts are taught, will get 250,000, The Hearst Foundation. a leading supporter
of the Lincoln Center Consolidated Corporate Fund. will make its usual annual S100.00¢
donation, too.
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HTTP 34 > £ 3@ v fsp % o ¥ R4 %4 = » POST # GET » #IRE
BEFRET @ LM% > o HTML » JSON 4r CSS 4] & & 1w

fs > T 4 240 3 #-T & POST 4r GET g * 3P 2 ifdd Bht i o

% 2POST {e GET FagHf= st

e #ik

3 g cgBHN F o POST 3

NS . s requests.post

POST | &2 4 5 L+ A £
#FERY BEPRT A e dataz 22)

¥ oo

GET 3k 3% ¢ #-idfeny
GET requests.get( 4 xt)

EARRE RS -

% 3POST fr GET ik Bhit i

—

POST | T A E Hitfrd 2RF o | THiTe TR REPT

FHIE PARF L P ER
GET | BTl e RRE-2 20T -
i o
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IRt

fre g (WebCrawler) s » v it bk (Spider) > & - B p $ B b F
AL i Az > A LRFpE R Y o X 13N mE ik f E A e T T
Flr R Bk EL TR FARSEL TS > S o e
z 0 A A w R T B (Web Crawler)fe i F 1B~ (Web Scraper) 2 # i@ %4750
T AARRE o R RS 0 3 B F S EIEF I EF i E_Google ~ Yahoo i iE i B e B #-

PRI AL F BT R R T IRE o RIE A TR T Y IR R A 0 [ F

EAESHE TR o F Razb G HTML 55 #hB 5T TR E
EHFEARFREEAY T - HEET RO B AV R SAfEI A NS
et ofe By oo

AT A BB N LR SB s JRB PTT 2 FARcnEeF N 3 0 3R
B okenTopl 2 owliE s A Excel B AP BFEEA R S BRI oL
AR E R FHFER LAY 0 T B ORL A L3 V5 #* Python ¢ o

Beautiful Soup #-% > 2 #4444 Beautiful Soup - ¥4 4 &2 -

Beautiful Soup 3 B~p %1% #7-+ Bf (€ RIAFUE )LDk LFao
- % kfEis HTML fa4f %  (Package) - & & * Beautiful Soup  f#+7 % 7
HTML 47 % & % % Request i de #%-& B e § HTML A28 BB w % »
BiaRae T iR o T i find K S RE @ R A0F Rl ¢

<

i
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™
-
R

1

737

* F W (Text Mining) £ - BB BEFFMA T2 A7 LR~ FHE XD
#j(Big Data Finance,2019) o A i£ 38 ¥ AL AR b o 3R A Roorgd o b3~
FRF O HEERETARL AR F w0 T & kP 2 U AR kAR S
SEoAHE L FEERE AR 2 3 GRA A PR AL BRI FET
Lo TR FERRE e R AR R SRS 4 R URE R TR
fRpAGET iR RRE BT AIENLP) ¢ R TSR T s i
ZAEE RWP T v ko B ke BAKD NS § e, o T2z
e AN I - P AN T m;r"q,\d Python =73t & 7 Jieba » *f 2t 2 #F >

BTE RS FE A RGP L RS B 1R ERA ER

ARy A% P R erET g e Ckiptagger {v Jieba i (7 #7300 F A 0 ik 747

Zen PTT £ 3 fe @ pi Lt Ckiptagger & (7 7 < %730 > BEAR G S 2a S B F v &

it

F1i 2% CPU eh7) 2 R EA F L EHh T aii7aiEs 8 P Jieba ig
7o AT > B¢ 4 Jieba ¥ ¢ % NN el NI B B RSR[5
LAeizd P8 5 EY 2 BT 0 5 a0 1T E-4R4 Ckiptagger {v Jieba ¥

i R R EP R ES N
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(=) ~ ® Fredr & st Ckiptagger
Ckiptagger 4% ¢ 4 » 7 2 & 7 #87%:#(Named Entity Recognition,NER) »

TR E YA S AHS NLP(p 2335 ad2) B ot et AT Y
TR 1L - AR R G LR TiERE e g0 A L T B
Taow cTeam T Tem e R TER TGRS TiE T
TP TR T T TR TR e TEGR & 184 -
T 4 5P L7 IR R = CkipTagger f- Jieba-zh TW it # % > i ASBC 4.0
Bl B 7 B T CKiptagger (#7311 & s ek AR T kM At iy
FARECTECKIP f Sisfise i P g2 1 £ ¢ 7 0 ¥ (WS) i@ ki (POS)~
¥ #yes (NER) -

PUfhS HE e T B

1. 4vsh #9300 £ TR
2. RiEp B A AHE
3. Bz F ~FRAED UL R Do F

4 T AERTH P A0 R S gL

% 4 CkipTagger = Jieba-zh_TW +* i

Tool (WS) prec (WS) rec (WS) f1 (POS) acc
CkipTagger 97.49% 97.17% 97.33% 94.59%
Jieba-zh_TW 90.51% 89.10% 89.80% --

(FR &R ¢ Lmf P k] )
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(=) ~ Ckiptagger % %% Z4c #77

¥ 2 = %
FEVAZZADNE L & K2 w A% K tensorflow o
&% ;% pip install -U ckiptagger|[tf,gdown]
T Er

i % 3% pip install -U ckiptagger

= B 3¢ pip install -U ckiptagger[tfgpu,gdown]

SR =P

BT 2B B2 e 3 T ¥R GRS -
lis-ckip
gdrive-ckip

gdrive-jacobvsdanniel

#r 42l

GPU 4c CPU # - % %% 7

it * GPU

% % Tensorflow-Gpu

2% %_ Cuda_Visible Devices % 5 % #c >

&4 © os.environ["Cuda_Visible_Devices"] = “0”
2% Z_ disable_cuda=False -

s4e @ ws = WS("./data”, disable_cuda=False)

e * CPU

ws = WS("D:\data")

pos = POS("D:\data")

ner = NER("D:\data ")

TR

del ws
del pos

del ner
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(=) ~Jieba 4 %

Jieba #7 & * chjw B2 LA Trie Tree 44 A 4 ¢ 2 FH & 7 i fin

I i 76 i 23] (Dynamic Programming ) % 3-8 41 B < 8 F ik T o gt b Jieba
FET =L PR

L2  HR AT I AEAESaT .
2. MEEHCR D B0 AAHT o REIMS S R A .

3. HHF GRS L AN LT o FERE AR R BROFSIH -

(=) ~ Jieba % %P

X EH P

2 > p # % % | easy install jieba

é 7|4 ~ pip install jieba / pip3 install jieba

Lpdx sk = ;‘ﬁ%%@ http://pypi.python.org/pypi/jieba/

f#R 451534 7 python setup.py install

b A #-Jieba P &3c g i ¥ 0P et 4 site-packages B

) 31%1 » import jieba

(—I ) N ﬁi;\:fﬁ%%ﬁd-&r—f T

import jieba

sent="4 % X § 245 £33 i

seg_list = jieba.cut(sent, cut_all=True)

print(' > #-5% : ', '/ "join(seg_list))

M S 2 F Al &gl &1 2 & =IO
seg_list = jieba.cut(sent, cut_all=False)

print(# FE o5 2, ' join(seg_list))

20


http://pypi.python.org/pypi/jieba/

RS S X x5 28 &2 TE =/

seg_list = jieba.cut_for_search(sent)
print(#% 51 & #-5%", '/ "join(seg_list))
WHRSIFHN o) 2§ 2sl g el 2 wE =]

(=)~ TF-IDF 4 &
B Y Y ETP R REFE YR PR PRo RS2 T FEL
R Rl ST WA N WY L
Fligt Kg FHEMEEF 0 E 2 2k > F i 8 4 (Term Frequency-Inverse
Document Frequency, TF-IDF)3- & » & 37 % 47 ~ )I}‘q\ R R4 I B RE S
¢ TF(Term Frequency)®~ ¥ & ¥ 4t % F|ehid & M4EF > 2 8 L &7 v 74
(IDF, Inverse Document Frequency)i&ip#-¥ L ch¥ 37 > R £ & hH > 3 F 35

e T R E P g b ERAER ¢

FHE(TR) » Bk j T d- 2 @i B9 - i 29 i » cnl o8 i
Fon(i, )7 0 e dd DR 4 R TRGEDE # 3 0
J QG ) s B - B R ARGE NS BERE P S T

F T, bR MM T0% T Rr%, W30 % 0T 5%, TF=70/100=

\} £t o ﬁﬁnc‘—*fi*‘ Fog ~Tirm  HHm BB Esvni@rs - K3
PH LB 075 BT o3 04 hanE R SR EAY D B FrE
06w ~%- T35 0357 { 2£8 -

F#HE(IDF) » 3k D AT 91 che i 0 | AL P orid ¥ hHE R
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>+

()L HE P ot > Sy Mmen T > o > 78 A IDF()hE & 3

log(D/(i))=log D-logt(i) - -k 3 100 @47 »" o %, WM ALI0RREFEF? > A

" #7501 1DF=log(100/100)=2-2=0 = 712 » T L4 ; Himents & o] o 22 A4S §
ke Mare b gide ko QAE2AY £ & o B #TF@))* IDF () (bi4e:
=0 oA, - ) REFEPE S E - R SR g E S R B
v Y i BHES > f V1A 2 TF-IDF € & 0 » TF-IDF Mo * ik
HFLNER > FRFLRDEF ot - R TR5 {2 ER0 - ARFTuE
.

dote TR-IDF ch¥ 2 ¢ 33 ehE B ¢ F v v ¢ Do o e o v

f.g_g“*%;? l’f—L? j\\:‘ Kﬁl :I{IE.»E’;‘J‘H:E:“%\;FLL h

5y

22



(=)~ TF-IDF B 43 £ £ # 6l

from jieba import analyse

SEMMIBIM S X AT e f A F A W@ lmisge 2 110 89

AR FABP o BpeS VR LEAL Y S APRE R S B2 RS

RAFERZFIRAMRILIS § F Ry 5 - BB T HHHEaH %
P A B ZAF e REERILHLRED T8 ZEPARGFD R

IR G AR ZE P AR Bk W A 8 R AT B T

AN BRA S R RS~ BIA PR D R AR E FI BB A

110 8P AR A AP G T L IRMRLL Y 8P € d AT FLA L
Rt 899 rTA v Z o m 1016 ST MR T F (7~ Aok FE o p d A xR
MM AFHB P AN PR 4188 pd BT Y RRKRADED

Bohob S RERFET UM A s B g (T d BEASTA Y §ART R
B 4v L

data = analyse.extract_tags(s,topK=3,withWeight=True)

for key, weight in data:

print('%s %s' % (key, weight))

MatT RESS
B +z 0.7356780001784615

4 & 0.36783900008923076
pd 0.3177099776657692

BB

1~ sentence 3 #B~ch< A& o

2 topK ZiEWHEE 3 U gk < BT o

3~ withWeight 2 2% - & & D p4diEd @ o

4 ~ allowPOS Hp T A Biu G 7 B F & 30 E -

5 ~ jieba.analyse. TFIDF (idf path=None) & R ig € &
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Frd RIERFELY
F- & TR
*F 7 2 PTT £ % & (https://www.ptt.cc/bbs/BeautySalon/index.html)
AR E 2 FA kR > 1% Python 1 B {7 Fljc b » PFAF 5 2020 & 7 7 10

2

P32020 26" 17 p#p2 4013 > F » AT HRERFA FERNBYT £

(=) -

R
F L% Requests firie i HTTP 3£ F PIRET Uiy 24 URL > 1*
Beautiful Soup f#47 PR B w @ gl > £ ¢ 2 find_all 35 3| #7412 enif ghie =

EIPN Fﬁ;}imﬁfﬁx VR &P ;;Bxg'v); B < —,‘;‘“—_@t@ ﬁ;‘—%l SRS Jfg‘_,gg«frpx % 4rE)

=

4 5

(-) S TP Hpud 1 fRET S

€ > C | a ptice/bbs/BeautySalon/M.1620317068.A.53C.html
P / /
. = A Console  Sources erforma Memory Applicatio Security
ﬂtﬁ%&%ﬁ%{h Eif BeautySalon 03 _J Elements Console Sources Network Performance Memory Application Security
2 5= Eifz Beautyoalon

html

< div

class="bbs-screen bbs-content
cle-metaline
s="article-me

35 -tag">1E&</span
lass="article-meta-value”>Sarasala (Sara)</span

rticle-metaline-right
article-meta-tag”>&#i</span
ss="article-meta-value"”>BeautySalon</span

vadiv cla article-metaline

article-meta-tag
article-meta-value">[H&=]

rticle-metaline
ass="article-meta-tag">BMl</span
s="article-meta-value">Fri May 7 00:04:26 2021</span

HERE !

B 4 PTT 7

24



(=) ~4I1* Beautiful Soup #icier B HRsentid iz HTTP jRaite » R F
HTML R 4578 > 4cB) 5 #71 o

soup = BeautifulSoup(response.text, 'lxml')

#1ZFFind all() HEEFEEZ

#results = soup.select("div.title")
#articles = soup.find all('div', 'push')
print(soup)

<!DOCTYPE html>

<html>

<head>

<meta charset="utf-8"/>

<meta content="width=device-width, initial-scale=1" name="viewport"/>
<title>[EE] BB t/KIR=SSEBHREE—1EE? - &1 BeautySalon - HBBEZEH</title>
<meta content="all" name="robots"/>

<meta content="Ptt BBS HIEREE" name="keywords"/>

<meta content="CEXHET : BEETHLK EEE

EEAREEEERTALKE?

ZHRENERNEE  ErRERERRCRESEES

RIETAEE EERTES > MEBEEREEHER

EXMBEA—HRAT  (ERTEREREEESEE

" name="description"/>

<meta content="Ptt #LIBBEZI" property="og:site_name"/>

<meta content="[E%] BETLKESEENEEIEIE?" property="og:title"/>
<meta content="CIEXHEFT : FETHK - EBE

EEARISZEERTAKE?

ZHRENVENEER  EREBRRERRCHRRSEES

FE T iR EEBETES | mmBEESE S

Bl 5 %7 Rieis

(Z)~ A H HTML %7 > @ * FFTEF % £ f 1 i {]* Beautiful Soup i v
ifind # S HFFTHERATHEEE > 4oB 6577 o

with open('BeautySalon.txt', 'w',encoding='UTF-8') as f:
for article in articles:
= EES T AEITEL
I messages = article.find('span','f3 push-content').getText().replace(':',"").strip() |
print(messages)
f.write(messages + "\n")

Bl 6 f25% R4
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=
o

()~ 247 HTML % F > 1% 3047 B 2 gHRk SRR E & 0 4oR 7 47

# I

soup = BeautifulSoup(response.text, 'lxml')

#results = soup.select("div.title")
articles = soup.find_all('div', 'push’)
print(articles)

[<div class="push"><span class="f1 hl push-tag">> </span><span class="f2 hl push-userid">ianwu777</span><span class="f3 push-co
ntent”>: EHIKEFEECHIBER FHASFE</span><span class="push-ipdatetime”>49.158.135.251 05/@7 @1:47

</span></div>, <div clas ush"><span class="hl push-tag">¥ </span><span class="f3 hl push-userid">Acife</span><span class="f3
push-content">: EHISRE—TF  ALIEBELKERESEEE</span><span class="push-ipdatetime">118.169.5.92 ©5/07 ©7:27
</span></div>, <div class="push"><span class="fl hl push-tag">> </span><span class="f3 hl push-userid">Acife</span><span class
="f3 push-content">: FH] KA EERE EEEEE1T</span><span class="push-ipdatetime">118.169.5.92 85/07 07:28
</span></div>, <div class="push"><span class="f1 hl push-tag">+ </span><span class="f3 hl push-userid">Acife</span><span class
="f3 push-content">: BIESERIEMKZ ERTHEEF RN/ span><span class="push-ipdatetime"> 118.169.5.92 @5/@7 07:28
</span></div>, <div class="push"><span class="hl push-tag">¥& </span><span class="f3 hl push-userid">boya®518</span><span class
="f3 push-content">: EHAKFHE(CAKESE » FIEF]/E</span><span class="push-ipdatetime">101.12.36.37 05/87 18:51

</span></div>, <div class="push"><span class="f1 hl push-tag">+ </span><span class="f3 hl push-userid”>boya@518</span><span cla
ss="f3 push-content”>: [EA HAEEE - EEFMIE—#8</span><span class="push-ipdatetime">101.12.36.37 ©5/07 1@:52
</span></div>, <div class="push"><span class="f1 hl push-tag”>> </span><span class="f3 hl push-userid”>boya@518</span><span cla
ss="f3 push-content">: BEF—EAFR . 2 |5l E S i</ span><span class="push-ipdatetime">181.12.36.37 05/@7 1@:52
</span></div>, <div class="push"><span class="f1 hl push-tag"»> </span><span class="f3 hl push-userid”>hoya@518</span><span cla
ss="f3 push-content”>: {F</span><span class="push-ipdatetime"”>181.12.36.37 05/87 18:52

</span></div>, <div class="push"><span class="f1 hl push-tag"»> </span><span class="f3 hl push-userid">EIngXuan</span><span cla
ss="f3 push-content”>: EIEFFIT I </span><span class="push-ipdatetime”>2082.78.179.189 @5/87 12:04

</span></div>, <div class="push"><span class="hl push-tag">J& </span><span class="f3 hl push-userid">rycfang</span><span class
="f3 push-content”>: EAKEZBREEENTL TEESE8</spans<span class="push-ipdatetime">49.216.29.185 05/87 14:33
</span></div>, <div clas push"><span clas f1 hl push-tag"»= </span><span class="f3 hl push-userid">ryofang</span><span clas
s="F3 push-content">: . = E</span><span class="push-ipdatetime">49.216.29.185 05/07 14:33

</span></div>, <div clas push")<span class="hl push-tag">¥ </span><span class="f3 hl push-userid">funnyrain</span><span class
="f3 push-content">: HEVEEHNIKE(CAKER</span><span class="push-ipdatetime”>114.47.231.231 05/07 18:25

</span></div>, <div clas push ><span class="hl push-tag">¥& </span><span class="f3 hl push-userid">connielu</span><span class
="f3 push-content”>: BEFAMLECARIETF </ span><span class="push-ipdatetime">112.78.90.110 05/87 22:46

</span></div>, <div clas ush"><span class="fl hl push-tag">> </span><span class="f3 hl push-userid">j@5a</span><span class
="f3 push-content”>: FR{LALMEHl ~ ~ </span><span class="push-ipdatetime”>1.165.147.234 @5/08 ©0:13

</span></div>, <div clas push"><span class="hl push-tag">¥ </span><span class="f3 hl push-userid">Maurine</span><span class
="f3 push-content”>: MEHKFEERE</span><span class="push-ipdatetime"> 223.136.130.55 ©5/08 13:14

BT HER 5% i
(T)~#BFH # FHEHSF LS R 87 -

with open('BeautySalon.txt",'w’,encoding='UTF-8") as f:
for article in ar“tlcles

messages = article.find('span','f3 push-content').getText().replace(':',"").strip()
print(messages)
f.write(messages + "\n")

KERBEEMRER FEE
BHER—T » olLIEBENLKER
izj:ﬂ%“ﬂ%’ﬁi‘ﬂkﬂ*ﬁ BEEEET
AEER KT B RS EREE Y
BHEABECAKER  TEATE
ElaX » BAEEEN . BERME—
=E—EAFIE riu:ﬁ‘:‘ SEELR

#

HKEEBERENOL FHEES
TEME MELEESEERE
REVEIEL K ECAUKER
EEREANLELARUESR
Bi-iRER ~ ~

ALK FBERE

=B

B 8 e Fa
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-~ Ckiptagger
BRRATERE R R R AL F AT SR I EA N F
Btz ¥ ang & Lo Flpt AR 7 1 PO Eudk o CKiptagger & 7 3 4R e

VAT €35 EETR(WS) ~ 3R (POS) fof #5743 (NER) & 24 5 ki {7

i

P ETR T E 4ol 6 ¢ AT gt CKiptagger o B AR B AR AR e * R 1F 2 N

% github 4 @& * 38 * » Ckiptagger 25 4 7 % B " % (=)

O Why GitHub? Team Enterprise Explore Marketplace Pricing

& ckiplab / ckiptagger £\ Notifications
<> Code Issues 14 Pull requests 2 Actions Projects Wiki Security Insi¢
¥ master ~ ¥ 1branch 9 tags Go to file
@ jacobvsdanniel update README 5@add41 on 10 Sep 2020 %) 68 commits

Src now compatible to tensorflow 2.3.0 9 months ago
LICENSE change license 2 years ago
README.md update README 9 months ago
demo.py normalize characters one-by-one

setup.py now compatible to tensorflow 2.3.0 9 months ago

B 9% SR ARAB

5 iR I'v”fI':"@f“.'—_“F WIAE WAL S =t

3
0 L HVRIL A P Y e HR A A E L ST

W@ TR o

['Re’, i, [, EE, ] 'ﬁﬁ', 'B“ﬁ' 'Eﬁﬂﬁfﬁ‘J ', OB, -

7y, e, "EE, 'momo’, B, ”ilE [ﬁ' 100", ' momoZE', 'FL',

', R, EE, Eﬁ%“"f& ! 1”5& , 'ﬂlf" '5}5', ‘m, B '_ZEIE]J
'%” ‘R_E ‘g, T, " % 'E, 'Eﬁ', 'TEE, '?17311 ‘W, '8
' L OBR, CER, fﬂﬁ', g, o, EE, CEER, B

\nﬂvene

&, BE, ), T

-

B 10 %z (WS)

27



(=)~ 3@ 14%i2 (POS)
T SRR RN R RS BT iR o G
RS 950 E B3 iR o e B T 5 AT AJLET AT

T A o

Re(FW) :(COLONCATEGORY) [(FW) ZEZ(W) ] (W) EZ(wb) EE(0) FER(Na) F(v1) Bifi(Na) - (F) FM(Na) Beauty
(i) Salon - (FW) HBBR(N) EZH(N) :(C0 LONCETEG[}RY) EE(vE) momo(Fw) E(v2) #E(Na) +(r0) TE(VC) 10(Nev)
nono(Na) (D) ;\%ﬁ(m) 7(0i)

(WHITESPACE) F(Na) E(Ncd) (D) B(v2) ZE(N) E(v) EI(0E) EF(w) FER(Na) - (ComACATEGORY) HIiF(0a) TN
(0) AZ(1) M(Neu) E(F) ZR(N) FI(0E) ZE(Ne) ]
(HITESPACE) 7B Cbb) EflNe) 910) H0) #(0) #50) E(D) T0L) - (ComCATERORY) FE(W) E(SHD) EE(W)
BEE(Ne) F0) H(v) EV) ENa) Fi() 7

(Na) FZ(A) HI(0F) %E(Ja) (COLUNCATEGORY)

Mvene (W) TEZ(Wb) 2W(n) M(0fa) E(vC) (wrTeseace) EE(w) FIBR(Na) (WHITESPACE) E(v)) E(Na) SPFSo+ (F)
50(lleu) (i) ((PA REJTHESISC&TEGURY) EZ(Na) RE(H) FE(H) ) (PARENTHESISCATEGORY)

B 11 #4412 (POS)

(=)~ % #58 (NER)
FER A DTS L BES A L ER LA

$%7 239 NER BB RN p BB F 2 A7 BRI PR LT pl4od K

Al Tt BANAIELZAIHERED RFZ 2L FTRo
(31, 33, 'GPE', 'EF")

(s6, 58, 'ORG', 'FiE")

(71, 73, 'ORG', '\®iE")

(92, 96, 'DATE', 'EEEFE")

(129, 131, 'PERSON', 'FEE

")
(196, 198, 'CARDINAL', '—3+')
(207, 209, 'PERSON', 'F&E')

(382, 384, 'CARDINAL', '18")
(492, 4%4, 'PERSON', 'EF')
(ses, 587, 'PERSON', 'SEiE")

B 12 7 #yss(NER)

28



. TF-IDF
PR fEE-T k4013 B 2 ¢ o {1 TR-IDF 3#4fiw 823 8 o o

I

AL s

AR R RF MM AR K2 320 B PTT £ 3R %9 0 ¥ 5 ¥

B MMeERE Tk T E TR e Tk s 4eB 13

Bl 13<>%%2
=~ Jieba
Flt A3 f1* Jieba 1 FiEF MR > R PTT 2 £ 5 M

—

ek, o~ THEL C TAWFEL I TELA B BEYO P FEIFTH
A kR I RSB § 0 RTIM PR G S EXCEL % o £

PRy B E Y K2 RN F TS B HT 0 doR 14 4o o
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T

(I i ol

i sicro (Leila)

> BeautySalon

D [HRE] TN E8/=NE/ RS e
> Tue Apr 27 19:17:49 2821

: SHEEZFAmAE

T[S i 5

+

b1
i

£
¢y

FEESRSE ARSERAFASEQ

Bl 14 g p g

Jieba 5 B iRzt cndrld s Baf 57 likig p e g R * kG
PRIV SRR TSP S s L T S R AR Lt

H
Wk L ABEF 0 T4~ Jieba hph EIRE  ATRPL LR B L F Y
#

i % Jieba & #eehp 20T R 2R T U= &1 4 Jupyter Notebook

%~ ¥ 2 3P R jieba.set_dictionary(‘dict.txt. blg),]* PRS- SN Tl S

>

RFAH Y R EEERE ] PR L Rk T o § P

TR L TR A R EW A 2L S (KR

jieba.load_userdict('userDict.txt) > ;4 % x » ¥ U2 AP SRR T L Ao FE

30



(Z)~ ¥

B PL T LE R R Y 5 F L AR R 0 ¢ Lk Jieba it B eHT
e Freme @ o 1% extract_tags ¥ & B~ TR-IDF B4tz 2. o ¥ 1w L 3 K,ért%
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