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Multiple objective programming and compromise

programming with weighted Modification

Student: Wen-Yu Lin Advisor: Hai-Wen Lu

Master’s Program, Department of Information Management, Nanhua University

Abstract

This study investigated multiobjective compromise programming models by examining the
characteristics of multiobjective algorithms and compromise programming. Yu and
Zeleneydeveloped compromise programming for obtaining the efficient solution closest to the ideal
solution when the multiple objectives in multiobjective algorithms are inconsistent. Such an efficient
solution is called a compromise solution. The compromise solution to a multiobjective problem is
ultimately determined by identifying an appropriate weight among the multiple objectives. However,
a disadvantage of this method is that the weight is not correlated with the objectives.

In this study, an algorithm for determining the consistency between multiple objectives and a
weight modification model for compromise programming were developed. Thus, improved
compromise programming based on the correlation between various objectives and the weights of

models is achieved, thereby enhancing the quality of multiobjective decision-making.

Keywords: multiobjective programming, compromise programming, weight models
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