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Abstract

Previous researches have been mostly focus on analyzing the effect by single
exchange rate. However, as the European Union emerged, Euro Dollars has become a
significant currency of the world. The variation between the exchange rate of Euro Dollars
and US Dallars more and more influences the international market and stock price every
day. This research uses the direct rate of US Dollars to Euro Dollars and the weighted
stock index in Taiwan from January 1st, 2002 to June 30th, 2005 to analyze the interaction
between US/EURO Dollar exchange rate volatility and Taiwan weighted stock index
volatility. The bivariate EGARCH models are employed to investigate the interaction
between US/Euro Dollar exchange rate volatility and Taiwan weighted stock index
volatility and the effect of stock returns and \olatility spillovers as well. The results are as

followed

The EGARCH mean equation shows that Taiwan' s stock market return is positive
and is affected by itself and earlier stage of the variation of the exchange rate between US
Dollars to Euro Dollars The variation of the exchange rate of US Dollarsto Euro Dollars

is positive affected by itself and Taiwan' s stock market returnat earlier stage.

The EGARCH variance egquation shows that the variation of the Taiwan' s stock



market return is positive which is affected by earlier stage the variation of the Taiwan' s
stock market return and earlier stage the variation of the exchange rate of US Dollars to
Euro Dollar. The variation of the exchange rate of US Dollars to Euro Dallars is positive

affected by itself and Taiwan' s stock market returnat earlier stage.

Taiwan's stock market return and the variation of the exchange rate between US
Dollars to Euro Dallar show a significant GARCH effect, and the volatility is affected by

the variation of the stock price and the variation of the exchange rate at earlier stage.

Keywords Euro exchange rate, volatility, EGARCH.
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1-1 2002/1/2~2005/6/30

2002/1/2~2002/7/1 0.996 0.857 16.2%
2002/7/1~2003/1/2 1.047 0.966 8.4%
2003/1/2~2003/7/1 1.191 1.037 14.9%
2003/7/1~2004/1/2 1.261 1.076 17.2%
2004/1/2~2004/7/1 1.290 1.181 9.2%
2004/7/1~2005/1/2 1.363 1.201 13.5%
2005/1/2~2005/6/30 1.351 1.204 12.2%
2002/1/2~2005/6/30 1.363 0.857 59%
1 IX

EGARCH(Exponential Generalized Autoregressive Conditional

Heteroskedasticity, EGARCH)
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